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Testing the generalizability of cfDNA fragmentomic features across different studies for cancer early detection
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Lung cancer has the highest incidence and mortality worldwide. Early
detection of lung cancer is critical for improving the prognosis of patients. # Training and validation of ARM-FSD in lung cancer cohorts # Training and validation of WINDOW-FSS in lung cancer cohorts
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Abbreviations: ARM-FSD: arm-level fragment size distribution; WINDOW-FSS: window-level fragment size summary; ACC: adenocarcinoma; SCC: squamous cell carcinoma; PCA: principal component analysis; CRC: colorectal cancer; OC: ovarian cancer;
PC: pancreatic cancer; GC: gastric cancer; BDC: bile duct cancer; BC: breast cancer; DC: duodenum cancer; ROC: receiver operating characteristic; AUC: area under the ROC curve




